
Supplementary methods: 
 
MTT and apoptosis assay 
Cell proliferation was measured using the MTT assay (3-(4,5-dimehtylthiazol-2-yl)- 
2,3-diphenyltetrazolium bromide conversion assay). The cells were seeded in 96 well 
plates with 2000 cells per well. On the second day, the media was changed to the 
desired experimental media, this was Day 0. Proliferation was measured on Day0, 
Day 3 and Day 5. The cells were incubated with 5mg/ml MTT for 4 hrs and formazan was 
released by DMSO from living cells; absorbance was read at 570mm. Cell death was assessed by 
Annexin V-APC (BD Bioscience) and analyzed by FACS. Data were collected using an LSR II 
flow cytometer (BD Bioscience) and analyzed with FlowJo software (TreeStar). 
 
TCGA RNAseq data analysis – Gene expression data from 519 patients with primary colorectal 
adenocarcinoma (COAD) was downloaded from Genomic Data Commons (GDC) using R 
package TCGAbiolinks (version 2.16.4) [1]. The gene expression data was normalized using 
Trimmed mean of M-values (TMM) followed by voom [2] transformation using limma R 
package (version 3.46.0).  Gene-level data was obtained by computing maximum normalized 
expression value for each transcript. Sample-level enrichment scores for each geneset were 
computed using GSVA R package (version 1.38.2) [3]. Genesets were obtained from MSigDB 
[4]. Somatic mutation data was also downloaded and analyzed using TCGAbiolinks and 
maftools R package (version 2.4.12). 
 
Single-cell RNAseq analysis – Raw UMI counts from single-cell RNAseq (scRNAseq) from 
63,689 cells were obtained from gene expression omnibus (GEO) under the accession id 
GSE132465. UMI gene count matrices, which was generated for all individual tumors in this 
study, were further processed in Seurat (version 4.0.5)[5]. For each individual dataset, scores for 
S and G2/M cell cycle phases were computed based on previously defined gene sets using 
CellCycleScoring function. After log-normalizing (a global scaling-normalization method that 
normalizes the gene expression values for each cell by the total expression, multiplies by a scale 
factor of 10,000 and log-transforms the results) individual tumor datasets, data were scaled after 
regressing out total number of UMI counts, percent mitochondrial gene expression and cell-cycle 
phase in order to account for the variability in gene expression. We selected top 2,000 highly 
variable genes from each individual tumor dataset immediately following variance-stabilizing 
transformation of the data. We then rank genes by the number of datasets they appear in 
(breaking ties by the median rank across datasets) and picked top 2,000 genes that can be used 
for data integration. The first step in data integration as proposed by Seurat integration workflow 
includes finding “anchors” between pairs of datasets, which represent pairwise correspondences 
between individual cells. We followed Seurat’s reference-based integration workflow to find 
“anchorset” using FindIntegrationAnchors function, and integrate all the datasets using 
IntegrateData function. Scaled z-scores for each gene within the integrated data were calculated 
using ScaleData function, which were later used as input to principal component analysis (PCA). 
 
Immunohistochemistry 
Immunohistochemistry was performed on formalin-fixed, paraffin-embedded tissue sections. 
Briefly, sections were deparaffinized with xylene and then rehydrated through graded 
concentrations of ethanol and distilled water. Epitope retrieval was performed by steaming the 
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slides for 20 minutes in a citrate buffer solution. Slides were washed and quenched with 3% 
hydrogen peroxide and blocked with 5% bovine serum albumin in PBS. Sections were probed 
with primary antibodies for MAVS (Cell Signaling #4983) overnight at 4°C, washed with PBS, 
and incubated with the appropriate HRP SignalStain Boost IHC detection reagent (Cell 
Signaling) for 30 minutes at room temperature. Detection was performed by incubation with 3, 
3′-diaminobenzidine (DAB) (Vector Laboratories). Tissues were counterstained with Gill No.3 
Hematoxylin (Sigma), coverslipped, and evaluated using ImageJ software. 
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